Sir Robert Watson-Watt, who developed early warning radar in Britain during World War II to counter the rapid growth of the Luftwaffe, proposed a "cult of the imperfect," which he stated as "Give them the third best to go on with; the second best comes too late, the best never comes" (Brown 1999) . Just as imperfect radar detected incoming German aircraft to protect British citizens, imperfect public health surveillance systems are widely used to measure and monitor the health of populations to mobilize action toward community health.
market the information, and evaluate the process and outcomes. The ultimate purpose of these systems is to improve the health of populations by informing or persuading individuals or policy makers (Parvanta et al. 2002) .
The County Health Rankings have become one of the most widely recognized public health surveillance systems in the nation (Remington, Catlin, and Gennuso 2015) . Annually since 2010, the University of Wisconsin Population Health Institute and the Robert Wood Johnson Foundation have produced the Rankings, which serve as a "population health checkup" for the nation's more than 3,000 counties. We base the Rankings on a conceptual model of population health that includes both health outcomes (mortality and morbidity) and health factors (health behaviors, clinical care, social and economic factors, and the physical environment). Data for over 30 measures are available at the county level for over 3,000 counties in the United States, and they are assembled and combined to create composite measures that are then ordered and counties are ranked from best to worst health within each state.
There is ample evidence that the County Health Rankings is achieving its goal to mobilize action toward community health by stimulating interest among the media and policy makers. A Google search of "County Health Rankings" returns about 340,000 hits with stories from every state and countless communities. Rankings serve as a hook for the media and play on our competitive instincts. It is much easier to say "the best" or "the worst" than it is to discuss age-adjusted rates or compare relative or absolute differences. This experience is not unique to health rankings and has been noted in rankings of educational institutions. Hazelkorn (2009) suggests that the practice of "naming and shaming" introduces a competitive element that positively influences institutional behavior and increases the quality of higher education.
However, the County Health Rankings are far from a perfect surveillance system. Recently, some have examined the methods used in health rankings and have expressed concerns about the reliability of the results (Erwin et al. 2011; Kanarek, Tsai, and Stanley 2011; Remington and Booske 2011; Hendryx, Ahern, and Zullig 2013; Arndt et al. 2013) . In this issue of Health Services Research, Courtemanche, Tchernis, and Soneji (2015) Statistical techniques can be used to improve the reliability of data from less-populated counties. When we compared results using models with and without demographic fixed effects, we found that counties whose ranks had wide confidence intervals had smaller populations or ranked in the middle of all counties for health outcomes (Athens et al. 2013) . Incorporating covariates produced narrower confidence intervals, but rank estimates remained imprecise for many counties. We recommended that local health officials, especially in less-populated and midperforming communities, consider these limitations when interpreting the results of the Rankings.
Efforts are underway to improve the reliability of the survey-based measures that we use in the County Health Rankings, such as the Behavioral Risk Factor Surveillance System. Dwyer-Lindgren et al. (2015) at the Institute for Health Metrics and Evaluation at the University of Washington has recently developed small area models incorporating spatial and temporal smoothing to improve the reliability of estimates from the Behavioral Risk Factor Surveillance System. The Centers for Disease Control and Prevention has implemented similar models for obesity measures (http://www.cdc.gov/diabetes/ pdfs/data/calculating-methods-references-county-level-estimates-ranks.pdf) and is extending this approach to include other measures from the Behavioral Risk Factor Surveillance System. Although these statistical methods will improve reliability of the measures used in the Rankings, there are limitations. Spatial smoothing assumes that geographic proximity leads to more similar health factors and outcomes -an assumption that is true in certain areas but does not apply when neighboring communities have stark difference in factors that influence health outcomes. Perhaps more important, local stakeholders may find these methods complicated and difficult to understand.
Other practical approaches are possible to improve the reliability of the Rankings, such as changing the size of populations ranked or collecting more Editorialand better data. In their seminal work "Eight Americas: Investigating Mortality Disparities across Races, Counties, and Race-Counties in the United States," Murray et al. (2006) arranged the 3,141 counties in the United States into 2,072 units by merging smaller counties with adjacent counties to form units with total population of at least 10,000 residents. The advent of electronic health records provides the potential to collect health information from entire health systems or communities, thus avoiding the limitations inherent in survey methods (Remington and Wadland 2015) . The Institute of Medicine recommends developing and testing systems to collect patient-level information, to share de-identified data across systems, and to make them available at the local, state, and national levels to monitor and improve health outcomes (Institute of Medicine [IOM] 2012).
Courtemanche et al. also found that the population health model used in the County Health Rankings performed well in Wisconsin but not in Texas. Using a process to determine factor weights that incorporated population, spatial covariance, and missing data, they found that these data-derived factor weights in Texas differed from standard Rankings model weights. This is not surprising, since health factors and outcomes vary across states (e.g., Texas may have greater variation in low birth weight rates than other states). Separate models could be generated for each state, based on the observed data in that state. Interestingly, Cofiño et al. used the County Health Rankings population health model in Asturias, Spain, but reduced the weight given to "health care" (from 20 to 10 percent) since all residents have access to health care (Cofiño et al. 2014) .
Finally, Courtemanche recommends that the County Health Rankings should account for variability by providing error estimates for the ranks. Error estimates are provided for all measures on the County Health Rankings website (see www.countyhealthrankings.org). We are collaborating with others to adapt methods that have been used to estimate confidence intervals for cancer mortality rankings (Zhang et al. 2014) , including discussions about Type I error (i.e., stating that a difference in rank exists when it does not). Is the 95 percent confidence interval used in research the most appropriate standard when considering differences in the health of populations? Perhaps policy makers would prefer an 80 or 60 percent confidence interval when comparing the health rankings of counties in their state.
In conclusion, the goals of the County Health Rankings are to build awareness of the multiple factors that influence health and provide a reliable, practical, and sustainable source of local data for communities. Rather than providing the final answers, the Rankings serve as a "call to action" to collect 4 HSR: Health Services Research better local data and engage community partners in collective action. To this end, we strive to balance efforts to improve the quality of the data with the need to provide the most recently available data for over 3,000 counties in the United States, in a clear and understandable way. Perfection does not have to be the enemy of the good. Instead, the work of Courtemanche and others challenges the "cult of the imperfect" and offers practical suggestions that will help make the County Health Rankings the best public health surveillance system possible.
